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Abstract

E-commerce business grows over time and has changed retail business behavior
all over the world. To expand, e-commerce uses ads personalization to study
customer needs and track customer behavior. This study aims to analyze the
effect of perceived ads personalization towards online impulse buying tendency.
The research model hypothesized the effect of perceived ads personalization
towards online impulse buying tendency. The mediating variables in this study are
perceived novelty, privacy concerns, advertising value, perceived relevance,
creepiness, affective reactance, and attitudes towards ads. The study also used a
moderating variable of purchasing frequency to distinguish how effective
personalized advertising is in groups that are classified as high and the low-
frequency buyer on e-commerce. This study using quantitative research methods
with PLS-SEM data analysis. Respondents were taken by purposive sampling on
millennial social media users in Jabodetabek. The results showed that perceived
advertising personalization had a positive effect on perceived novelty, privacy
concern, advertising value, perceived relevance, and creepiness. Furthermore,
this study found perceived novelty, advertising value, and perceived relevance
have a positive effect on attitudes towards ads. Creepiness indicates a positive
effect on affective reactance, while privacy concern and affective reactance have a
negative effect on attitudes towards ads. One of the findings is that attitudes
fowards ads had a positive impact on online impulsive buying tendency. The
frequency of purchase is proven to be a moderator that weakens the influence of
attitudes towards ads to online impulse buying tendency.

Keywords: perceived ads personalization, perceived novelty, privacy concern,
advertising value, perceived relevance, creepiness, affective reactance, attitudes
toward ads, online impulse buying tendency, e-commerce
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1. INTRODUCTION

The retail business has been a part of human history since the beginning of
human civilization. In 2019, the world's online retail shopping figure has reached
14.1% of total retail spending, and it is predicted that by 2023, the world's online
retail shopping figure will reach 22% and will continue to grow in the following
years (Copolla, 2020, November 26). In Indonesia alone, data from the Central
Statistics Agency (BPS) states, the Indonesian e-commerce industry in the last 10
years has increased by 17% with a total number of e-commerce businesses
reaching 26.2 million units, and in 2019, the total number of transactions e-
commerce reached 17.21 trillion rupiahs (BPS, 2019). E-commerce business is
predicted to continue to increase in the number of transactions, both in the world
and in Indonesia.

In Indonesia itself, e-commerce players with the most users in Indonesia are
dominated by e-commerce in the customer-to-customer (C2C) and business-to-
customer (B2B) markets, or a combination of the two. With the intense competition
of e-commerce in Indonesia, e-commerce players must be able to find ways to
make their platform widely used by internet network users. One of the ways that e-
commerce players can do this is by using advertising, especially digital
advertising. Internet penetration in Indonesia in 2020 has reached 73.7% of all
Indonesians (APJII, 2020). E-commerce players are competing to use the internet
as a promotional medium for their products.

Personalized advertising has become one of the strategies that marketers
use in utilizing internet data. Personalization of advertisements utilizing the internet
is made possible by cookies technology. The basic function of cookies is to allow
the server or site manager to have a memory that will recognize users and their
previous activity on the website concerned (Piersen and Heyman 2011). The
information collected by cookies can be in the form of user names, to more
specific data such as user movements on the internet (history) (Gerdman and
Nordqvist, 2017). By implementing ad personalization, companies can get a more
specific segment by placing cookies to track customer behavior. The trend of
advertising personalization on social media is very relevant to study its
effectiveness.

Two of the e-commerce companies in Indonesia that are aggressively
implementing ad personalization are Tokopedia and Shopee. These two e-
commerce sites with the most users use advertising personalization to promote
products sold on the e-commerce platform. Tokopedia and Shopee personalize
advertisements on social media platforms such as Instagram and Facebook.
Through advertisements on the relevant social media, Tokopedia and Shopee
display products that may be liked by social media users based on data obtained
by Tokopedia and Shopee from cookie technology.
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Previous research by Dodoo and Wu (2019) wrote that advertising
personalization felt by social media users had a significant impact on perceived
novelty, advertising value, and perceived relevance than the advertisement in
question, but did not find a positive impact of perceived novelty and advertising
value on trends impulsive purchases by social media users. Dodoo and Wu's
research (2019) has several limitations that can affect the results of the study so
that many variables cannot be proven to have a significant impact on other
variables, one of which is the absence of a mediating variable that predicts social
media user behavior related to trend variables. impulsive buying (online impulse
buying tendency). Another limitation is the absence of a variable that measures
how the affective reactions of social media users as a form of impulsive action felt
by social media users who are exposed to personalized advertising, even though
according to the theory of interpersonal behavior (TIB) affection factors also
greatly affect human intentions to do something. (Triandis, 1977).

Therefore, this study modifies the research model conducted by Dodoo and
Wu (2019) by adding several variables to the research model to get more
predictive results. This research aims to extend the previous research with
creepiness, affective reactance, attitude, and moderating purchase frequency as
the new variables and test the effect of the new variable on the existing model. A
model by Barnard (2014) used to accommodate those new variables. A new
perspective is presented in this research. Since the model is tested in Indonesia's
environment, the research's result able to provide managerial input to decision-
makers in e-commerce operating in Indonesia to consider the use of advertising
personalization.

This study also uses the attitudes toward ads variable as a mediating
variable that predicts social media user behavior related to the online impulse
buying tendency variable. The reasons for using the attitudes toward ads variable
include attitudes according to the theory of interpersonal behavior that can predict
individual intentions and behavior, and in this study, predicting the intention and
behavior of social media users towards impulsive buying tendencies (Triandis,
1977).

2. LITERATURE REVIEW

2.1. Perceived Ad Personalization

Baek and Morimoto (2012) define advertising personalization as a form of
special promotional messages sent by companies to each consumer through paid
media based on consumer personal information based on the aggregate
probability of relevance of that consumer profile information. Information used for
ad personalization can include demographic, psychographic, lifestyle, interests, or
behavioral information that can be online or in person. Anderson and Ponnavolu
(2002) stated that the benefits of personalized advertising can be felt by both
consumers and companies.

Kalyanaraman and Sundar (2006) found a positive effect of personalized
content on the website on perceived novelty felt by website visitors, a hypothesis
was formulated which predicted that personalization felt by social media users
would positively affect the novelty felt by social media users. This study predicts
that the personalization that customers perceive from advertising on social media
will positively influence their perception of the novelty of advertising.
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H1: Perceived ads personalization positively affects perceived novelty.

In the context of social media advertising, a high level of personalization can
trigger a strong feeling that a person's personal information is vulnerable,
especially when no explanation is given about how personalization was achieved
(Dodoo and Wu, 2019). Previous research from Bleier and Eisenbeiss (2015)
showed a significant effect of ads personalization by retailers on the privacy
concerns felt by individual consumers. Therefore, a hypothesis is formulated which
predicts the personalization that a person feels from social media advertising will
positively affect his / her privacy concern.

H2: Perceived ads personalization positively affects privacy concerns.

Dodoo and Wu (2019) found that there is a significant positive effect of
perceived ads personalization on advertising value in personalized ads on social
media. Strengthened by other research, it has also found that there is a significant
effect of advertising personalization on advertising value in advertising on social
media (Aydin, 2018). A hypothesis is formulated which predicts that the
personalization a person feels from social media advertising will positively affect
the values of advertising.

H3: Perceived ads personalization affects advertising value positively.

Kim and Huh (2017) through their research concluded that companies that
can understand the needs of their consumers are companies that can find out
what they are interested in and provide recommendations in the form of product
advertisements that are needed or are attractive to consumers. A hypothesis is
formulated which predicts that the personalization that a person feels from social
media advertising will positively affect perceived relevance.

H4: Perceived ads personalization positively affects perceived relevance.

Creepiness occurs when the advertisements displayed are too adjusting to
someone's privacy and are invasive. Ads that contain too much personal
information about someone considered annoying and creepy. Thus, consumers
feel that their privacy has been known, followed, observed, and tracked. From
previous studies, when marketers create messages that use consumer information
that is too personal, it can significantly bring out a sense of creepiness that is felt
by consumers (Barnard, 2014; Fachryto and Achyar 2018). A hypothesis is
formulated which predicts that the personalization that a person feels from social
media advertising will positively affect a sense of creepiness.

H5: Perceived ads personalization positively affects creepiness.

2.2. Perceived Relevance

The perceived relevance is expected to positively affect the value of
advertising in the context of social media. When customers perceive a high level of
relevance in personalized advertising, they can get good advertising value from
the ad. This is possible because highly relevant advertisements speak directly to
customers' personal needs and interests, providing useful information to guide
their behavior. Ads that are considered new will attract the attention of customers,
eliminating their annoyance (Dodoo and Wu, 2019). Then, a hypothesis is
formulated which predicts that the relevance that a person feels of social media
advertising will positively affect the values of advertising.

HG6: Perceived relevance affects advertising value positively.
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2.3. Perceived Novelty

Kim and Yu (2015) found a significant positive effect of creativity and novelty
of advertisements on consumer attitudes toward ad. Other research from
Kalyanaraman and Sundar (2006) shows that there is a significant positive impact
of a personalized website with the attitude that consumers feel about the website.
From the above reasons, a hypothesis was formulated which predicts that a
person's perceived novelty from social media advertisements will positively affect
attitudes toward ad.

H7: Perceived novelty affects attitudes toward ads

2.4. Privacy Concern

Previous research from Phelps, D'souza, and Nowak (2001) found that
privacy concern is negatively related to the effects of advertising. Privacy concerns
lead people to a negative attitude towards advertising when faced with requests
for personal data. Then Baek and Morimoto (2012) explain that privacy concerns
can increase skepticism and tend to avoid advertisements. Previous research from
Limpf and Voorvelt (2015) also found negative significant effect of privacy concern
on personalized advertising affect user’s attitude toward the advertisement, then
the proposed hypothesis:

H8: Privacy concern negatively affects attitudes toward ads.

2.5. Advertising Value

Ducoffe (1996) stated that informativeness, irritation, and entertainment are
key factors in assessing the value of advertising. Another important result is that
there is a positive and significant relationship between advertising value and
attitudes toward ads. Tsang, Ho, and Liang (2004) also explained that
informativeness in the advertising value of an advertisement has a positive
relationship with consumer attitudes towards advertising. Another study from
Mahatmavidya and Yasa (2020) found positive significant effect of social media’s
ads advertising value toward users’ attitudes toward the advertisement. Then the
advertising value hypothesis for attitudes toward ads is:

H9: Advertising value affects attitudes toward ads positively.

2.6. Perceived Relevance

Ads that have relevance to consumer needs can create positive attitudes
(Kim and Han, 2014). Then it was also found that consumers who are exposed to
relevant and meaningful content will give a more positive attitude to the
advertisements given. Study from Kim and Huh (2017) found that the perceived ad
relevance of personalized internet advertisement affects the internet users’
attitudes toward the advertisement positively. Then the hypothesis is:

H10: Perceived relevance positively affects attitudes toward ads.

2.7. Affective Reactance

Barnard (2014) writes that behavioral tailoring or personalized ads can
increase feelings of creepy (being watched, tracked, and targeted by marketers)
so that consumers feel threatened, and reactance is formed, which results in
negative attitudes towards advertisements and attitude toward ads displayed by
advertiser companies. Then, affective reactance theory states that when
persuasive requests threaten a person's freedom, people are motivated to reject or
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reject messages and tend to perceive a message to be negative (Brehm and
Brehm, 1981). Then the hypothesis that is formed is:

H11: Creepiness affects the affective reactance positively.
H12: Affective reactance negatively affects attitudes toward ads.
2.8. Online Impulse Buying Tendencies

Impulse buying according to Verplanken and Herabadi (2011) is a situation
where consumers can buy products or services to relieve a depressed mood,
showing identity, or just having fun apart from meeting certain needs. Verhagen
and Dolen (2011) also state that the two core elements that characterize impulse
buying are unplanned processes and do not have cognitive considerations. The
process is triggered by product discovery while exploring the store and does not
lead to the cognitive formation, but attitude or intention. Second, emotions
dominate the impulse buying process. Thus, impulse buying can be predicted as
being influenced by emotional factors or attitudes, so the hypothesis made is:

H13: Attitudes toward ads positively affect online impulse buying tendencies.

Shim (2001) states that the experience with online shopping directly affects
the attitude shown by consumers. Thus, online purchase intentions in consumers
can be influenced directly and indirectly according to consumers' previous online
shopping experiences. Liang and Huang (1998) found that previous consumer
experiences had a moderate effect in predicting their acceptance of subsequent
online shopping. Besides, Castaneda, Munozleiva, and Luque (2007) have found
high acceptance rates in the level of online shopping and website experiences that
can moderate the impact of perceived usefulness on future user intentions. Then
the shopping frequency is chosen as the moderating variable.

H14: The frequency of shopping moderates the relationship of attitudes
toward ads with online impulse buying tendencies.

3. RESEARCH METHOD

The method used in this study is an explanatory survey with a quantitative
approach, where the data collection of numbers is obtained through structured
questions, which will explain and analyze the effect of perceived ads
personalization and attitudes toward ads on online impulse buying tendency with
purchasing frequency (Now and Bougie, 2016) developed through indicators that
can be measured using applied statistics. Applied statistics are used to test
research hypotheses and an understanding of phenomena and theories based on
research results that will contribute to generating more knowledge.

3.1.Data Acquisition

Two data will be used in this research, namely primary data and secondary
data. Primary data is data that is collected directly through a questionnaire. The
questionnaire in this study used Google Form, which was distributed using email,
social media (Facebook), and chat applications (Line and Whatsapp) from October
to November 2020. Meanwhile, secondary data is data taken from intermediary
media such as journals, books, or reports that support performance.
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3.2.Data Analysis Method

In the quantitative data analysis method, the multivariate analysis method is
used which can simultaneously analyze many variables that influence each other
at the same time (Hair, Hult, Ringle, and Sarstedt, 2014). The multivariate analysis
method can be run and calculated through SEM (structural equation modeling)
modeling which can also test if there are mediating and moderating variables
simultaneously. SEM can test the quality of the model proposed during the
empirical test (R2 and Q2 values) (Hair, Hult, Ringle, and Sarstedt, 2016) and
determine the validity and reliability of a model.

3.3.Variables

This study consists of 10 variables regarding perceived ads personalization
consisting of attitudes toward ads, perceived novelty, personal relevance, privacy
concern, advertising value, creepiness, and affective reactance with purchasing
frequency as a moderator to the online impulse buying tendency. The variables in
this study were divided into dependent variables, independent variables, and
moderating variables. Dependent variables become the most essential to
understand and explain its variability, or to predict it. The dependent variable is
directly influenced by the independent variable. Moderating variables are variables
that have a strong contingency effect on the relationship between the dependent
variable and the independent variable (Sekaran and Bougie, 2016).

In this study, the independent variable is perceived ads personalization,
coupled with a mediating variable consisting of attitudes toward ads, perceived
novelty, personal relevance, privacy concern, advertising value, creepiness, and
affective reactance. The moderating variable in this study was purchasing
frequency, while the dependent variable in this study was the online impulse

buying tendency.

H1 (+)

Perceived Ads
Personalization

H13 (+)
Attitude Toward Ads B?;‘I’:;’T':"":gf“zy

H14 (-

Purchasing
Frequency

H4 (+) H10 (+)

H6 (+)

Perceived Relevance

HS (+)

Affective Ri
H11 ()

Figure 1. Research Model (Perceived Ads Personalization towards
Online Impulse Buying Tendency
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4. DATA ANALYSIS AND DISCUSSION

4.1.Modeling

Based on the hypothesis discussed in section 2, the research model (Figure 1)
was formed with online impulse buying tendency as the dependent variable,
perceived ads personalization as an independent variable, 6 mediating variables,
namely perceived novelty, privacy concern, advertising value, perceived
relevance, creepiness, affective reactance, attitude toward ads, and also
purchasing frequency as a moderating variable.

In addition to the modification of the previous research model from Dodoo and
Wu (2019) and Barndard (2014), this study includes the frequency of shopping
that is added as a moderating variable based on Triandis' theory of interpersonal
behavior (1977), it is stated that the frequency of someone doing something
continuously can trigger habits that can also influence a person's intentions and
generate specific responses. Based on the number of variables used, it can be
said that this study applies a complex model, so a multivariate analysis method is
needed, which means that many variables can affect several other variables at the
same time (Hair, Hult, Ringle, abd Sarstedt, 2014). Also, to obtain predictive
results and to explain the relationship of each construct well, the analysis was
used with the PLS-SEM software, namely SmartPLS @3.3.2.

4.1.1. Measurement Model or Outer Model

The first step of the measurement model being carried out is checking the
loadings indicator. The second step is to evaluate the internal consistency
reliability which consists of Cronbach's alpha and composite reliability. The higher
the value, the higher the level of reliability. The third step is to use the average
variance extracted (AVE) to determine the convergent validity at the construct
level as the grand mean value of the squared loadings of the indicators associated
with the construct (Hair et al., 2014). The fourth step is to look at discriminant
validity introduced by Henseler, Ringle, and Sarstedt (2015), namely the
heterotrait-monotrait ratio of correlations (HTMT) as a measure of similarity
between latent variables.

4.1.2. Structural Model or Inner Model

The next step is to evaluate the structural model based on the value of
variance inflation factor (VIF), R2 test, Q2 test, hypothesis test, specific indirect
effect test, and finally the importance-performance map analysis (IPMA) test.
Variance inflation factor (VIF) is used to measure the extent to which standard
error increases due to collinearity / the opposite of tolerance (Hair et al., 2019).
Next is to evaluate the structural model using the coefficient of determination (R2)
which produces the amount of variance in the construct and can measure the
accuracy of the model's prediction (Chin, 2009). In this study, it is also necessary
to examine the predictive relevance of the model which can be seen on the Q2
indicator (Hair et al., 2014). Hypothesis testing in this study was carried out by
looking at the T-Statistics value and the P-Values value.

The next step is to assess the relevance of the path coefficient using the
bootstrap function so that the construct of the indirect effect on a particular target
or intervening can be evaluated. (Nitzl, Roldan, and Cepeda, 2016). The indirect
effect has relevance in assessing the mediating effect, which can measure a
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mediation test of a model. The specific indirect effect describes the overall indirect
effect between a variable on other variables.

Importance-performance matrix analysis (IPMA) which produces latent
variable scores as the main characteristic of the PLS-SEM method is useful for
extending the findings of basic PLS-SEM results using latent variable scores from
the path model relationships and additional dimensions created for analysis
purposes (Gronholdt et al., 2010). The IPMA compares the total effect of the
structural model (importance) and the mean scores of Ilatent variables
(performance) to find significant areas for future improvement. More specifically,
the results can be used to identify determinants with relatively high importance and
relatively low performance (Hair et al., 2014).

4.2.Result
4.2.1. Reliability and Validity

The outer model test is conducted to test the validity and reliability of a
research model. In this research, test the outer model using the PLS Algorithm.
According to Hair et al., (2019), an indicator is said to be reliable if the outer
loading value is more than 0.708 because it can indicate that the construct
explains more than 50% of the variance of the indicator. The outer loading (see
Table 1) ranged from 0.717 to 0.935, which highly significant.

Table 1. Test Results of Outer Loading, Cronbach Alpha, Composite Reliability
(CR), and Average Variance Extracted (AVE)

i i i Lot A ... | Average Variance
Variables Indicator Outer Loading C 's Alpha |(‘ Ip Reliability Extracted (AVE) Result
PAP1 0.848 0.898 0.922 0.663 Reliable
PAP2 0.785 Reliable
Perceived Ads PAP3 0.828 Reliable
Personalization PAP4 0.739 Reliable
PAP5 0.836 Reliable
PAP6 0.843 Reliable
Perceived PNI 0.829 0.72 0.873 0.775 Reliable
Novelty PN2 0.928 Reliable
PCI 0.737 0.894 0.922 0.703 Reliable
PC2 0.86 Reliable
Privacy Concern PC3 0.874 Reliable
PC4 0.87 Reliable
PC5 0.844 Reliable
Perceived PRI 0.932 0.853 0.931 0.872 Reliable
Relevance PR2 0.935 Reliable
AVl 0.806 0.796 0.879 0.707 Reliable
Advertising Value AV2 0.851 Reliable
AV3 0.865 Reliable
CRI 0.881 0.905 0.934 0.779 Reliable
Creepiness CR2 0.889 Reliable
CR3 0.89 Reliable
CR4 0.87 Reliable
ARI 0.827 0.887 0.922 0.747 Reliable
Affective AR2 0.866 Reliable
Reactance AR3 0.873 Reliable
AR4 0.89 Reliable
ATAl 0.827 0.857 0.903 0.7 Reliable
Attitudes Toward ATA2 0.846 Reliable
Ads ATA3 0.837 Reliable
ATA4 0.837 Reliable
IBT! 0.832 0.902 0.923 0.632 Reliable
IBT2 0.832 Reliable
Online Inpulse IBT3 0.854 Reh:able
Buying Tendency IBT4 0.789 Reliable
IBTS 0.787 Reliable
IBT6 0.717 Reliable
IBT7 0.745 Reliable
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The construct reliability test is measured by two criteria, namely composite
reliability and Cronbach alpha. A construct is said to be reliable if the Cronbach
alpha value is greater than 0.70. Cronbach's alpha ranged from 0.72 to 0.905,
exceeding the minimum limit of 0.70. The composite reliability (CR) value between
0.60 to 0.70 was assessed by Hair as acceptable in exploratory research. In this
research, CR values ranged from 0.873 to 0.905. CR value ranged between 0.70
and 0.90 was considered as satisfactory good (Hair et al., 2019). Average
Variance Extracted (AVE) measurement to measure the convergent validity of
each construct. The acceptable AVE value is 0.50 or higher and the result (see
Table 1) ranged from 0.632 to 0.872, which means that each variable is valid to
measure the convergent validity of each construct.

To sum up, the result shows that the outer model. Cronbach alpha, composite
reliability, and average variance extracted from each variable used in this study
are acceptable (see Table 1).

The next step in the outer model test is to assess discriminant validity to
assess the extent to which the construct empirically differs from other constructs in
the structural model. The discriminant validity test was carried out by using the
cross-loading factor value by comparing the AVE roots with the correlation
between latent variables or constructs. Henseler et al., (2015) proposed to test the
discriminant validity using the Heterotrait - Monotrait Ratio (HTMT). The HTMT
value less than 0.9 indicates that the discriminant validity has been fulfilled. HTMT
value for each variable is below 0.9 (see Table 2), which means that the indicators
are right for testing each construct.

Table 2. Result of Discriminant Validity Test with Heterotrait - Monotrait Ratio of
Correlation Method
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Advertising

Value

Affective

Reactance 0.151

Attitudes

Toward Ads 0.763/0.175

Creepiness 0.152/0.449 |0.116

Frequency 0.382/0.214 |0.291 |0.194

0.170/0.039 |0.237 0.106/0.319
Moderating
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Effect
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Perceived Ads
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Privacy Concern |0.118/0.523

4.3.Hypothesis Testing

Attitudes Toward Ads
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0.345 0.782/0.185
0.461 0.254 0.053/0.465
0.405 0.322 0.058 0.564 |0.615
0.356/0.239/0.045 0.427 |0.721 0.578
0.800 0.100 0.115/0.305 |0.365 |0.408 |0.207

Privacy Concern

Empirical data analysis was carried out according to the PLS-SEM method.
From the results of hypothesis testing (See Table 3) on social media users
Facebook and Instagram on personalized Shopee and Tokopedia ads, the
following conclusions can be drawn:

Table 3. Hypothesis Testing Results

Standardized T-

Hyphothesis Path Coefficient  Value Significance Result

Perceived Ads :
H1 Personalization -> Perceived 0.512 10.493 Significant Hypothesis

Supported

Novelty

Perceived Ads :
H2 Personalization -> Privacy 0.334 6.243 Significant Hypothesis

c Supported

oncern

Perceived Ads Hypothesis
H3 Personalization -> Advertising 0.265 3.825 Significant  Supported

Value

Perceived Ads Hypothesis
H4 Personalization -> Perceived 0.633 15.330 Significant = Supported

Relevance

Perceived Ads Hypothesis
H5 Personalization -> 0.421 8.900 Significant  Supported

Creepiness_
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Standardized T-

Hyphothesis Path Coefficient  Value Significance Result
Perceived Relevance -> - Hypothesis
H6 Advertising Value 0.293 4.069 Significant Supported
Perceived Novelty -> I Hypothesis
H7 Attitudes Toward Ads 0.342 6.090  Significant Supported
Privacy Concern -> Attitudes o Hypothesis
H8 Toward Ads -0.109 2.508 Significant Supported
Advertising Value -> Attitudes _— Hypothesis
H9 Toward Ads 0.415 7.316 Significant Supported
Perceived Relevance -> N Hypothesis
H10 Attitudes Toward Ads 0.130 2.236 Significant Supported
Creepiness_ -> Affective D Hypothesis
H11 Reactance 0.411 11.343 Significant Supported
Affective Reactance -> N Hypothesis
H12 Attitudes Toward Ads -0.124 2.330 Significant Supported
Attitudes Toward Ads -> Hypothesis
H13 Online Impulse Buying 0.232 6.789 Significant = Supported
Tendency
Attitudes Toward Ads Hypothesis
*Purchase frequency -> o Supported
H14 Online Impulse Buying -0.085 3.402 Significant
Tendency

1.  Perceived ads personalization is proven to have a significant positive effect
on perceived novelty, the T-statistic> 1.645, and the path coefficient is
positive, the hypothesis is supported. If the perceived advertising
personalization increases, the perceived novelty will also increase.

2. Perceived ads personalization is proven to have a significant positive effect
on privacy concern, the T-statistic> 1.645, and the path coefficient is positive,
the hypothesis is supported. If the personalization of the advertisements is
increased, the privacy concern that is felt will also increase.

3. Perceived ads personalization is proven to have a significant positive effect
on advertising value, the T-statistic> 1.645, and the path coefficient is
positive, then the hypothesis is supported. If the perceived advertising
personalization increases, the perceived advertising value will also increase.

4. Perceived ads personalization is proven to have a significant positive effect
on perceived relevance, the T-statistic> 1.645, and the path coefficient is
positive, then the hypothesis is supported. When the perceived ad
personalization increases, the perceived relevancewill

5. Perceived ads personalization is proven to have a significant positive effect
on creepiness, the T-statistic> 1.645, and the path coefficient is positive, then
the hypothesis is supported. If the perceived personalization of the
advertisement increases, the creepiness that is felt will also increase.

6. Perceived relevance is proven to have a significant positive effect on
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advertising value, the T-statistic> 1.645, and the path coefficient is positive,
then the hypothesis is supported. If the perceived relevance of personalized
advertising increases, the perceived value of advertising will also increase.
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Perceived novelty is shown to have a significant positive effect on attitudes
toward ads, the T-statistic> 1.645, and the path coefficient is positive, then
the hypothesis is supported. If the perceived novelty towards personalized
advertising increases, the attitudes toward ads will also increase.

Privacy concern has been shown to have a significant negative effect on
attitudes toward ads, the T-statistic> 1.645, and the path coefficient is
negative, then the hypothesis is supported. When the perceived privacy
concern for personalized advertising increases, the attitudes toward ads
decrease.

Advertising value is proven to have a significant positive effect on attitudes
toward ads, the T-statistic> 1.645, and the path coefficient is positive, then
the hypothesis is supported. If the perceived value of advertising towards
personalized advertising increases, the attitudes toward ads will also
increase.

Perceived relevance is shown to have a significant positive effect on attitudes
toward ads, the T-statistic> 1.645, and the path coefficient is positive, the
hypothesis is supported. If the perceived relevance of personalized
advertising increases, the attitudes toward ads will also increase.

Creepiness is proven to have a significant positive effect on affective
reactance, the T-statistic> 1.645, and the path coefficient is positive, then the
hypothesis is supported. If the perceived creepiness of personalized
advertising increases, the affective reaction will also increase.

Affective reactance is shown to have a significant negative effect on attitudes
toward ads, the T-statistic> 1.645, and the path coefficient is negative, then
the hypothesis is supported. When the perceived affective reaction to
personalized advertising increases, the attitudes toward ads decrease.
Attitudes toward ads have a significant positive effect on online impulse
buying tendency, the T-statistic> 1.645, and the path coefficient is positive,
then the hypothesis is supported. If the attitudes toward ads increase, the
online impulse buying tendency also increases.

Purchasing frequency moderate’s attitudes toward ads with online impulse
buying tendency negatively, the T-statistic> 1.645, and the path coefficient is
positive, then the hypothesis is supported. Purchasing frequency weakens
the relationship between attitudes toward ads and online impulse buying
tendency.
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R? = 0.262
Q2=0.192

Perceived Novelty

R2 =0.111
Q2=0.076

Privacy Concern

0.512

R2=0.536 R2=0.612
Q2 =0.364 Q2=0.382

0.232
Online Impulse
Attitude Toward Ads Buying Tendency

-0.085

Purchasing
Frequency

Perceived Ads
Personalization

0.293

Perceived Relevance

R2 = 0.401
Q2=0.345

0.421

R 4
Signifikan

R2=0.177 R2=0.169
Q2=0.135 Q2=0.120

Figure 2. Model's Result

The proposed modification model has moderate predictive accuracy and large
predictive relevance which is obtained from the R-square and Q-square predict
data.

4.4.Discussion

The purpose of this study is to test the proposed modification model based on
previous research from Dodoo and Wu (2019) and Barnard (2014). This model is
modified with variables attitudes toward ads, creepiness, and affective reactance.
The new criterion in this study is that in testing perceived personalized ads, it is
necessary to pay attention to purchasing frequency to get a more effective and
stronger managerial implication. From the data analysis of PLS-SEM, an empirical
model can be described as below:

The strongest path of this model is perceived ads personalization -> perceived
novelty -> attitudes toward ads -> online impulse buying tendency. This shows that
personalized advertising is most effective in changing the tendency of online
purchases by consumers if it is through the novelty that consumers feel, then
through the positive attitude shown by consumers towards advertising. The use of
personalization ads can increase margins and revenue if done effectively and
efficiently because it can reduce costs like the old procedure in advertising (out-of-
home advertising).

Based on the results of this study, it was found that of the 14 hypotheses, all of
them showed significant results that supported the hypothesis. Attitudes toward
ads can be predicted to be the strongest by perceived novelty so that to produce a
positive attitude towards ads, content creators must pay attention to the novelty
presented in each ad content. Then, perceived personalized ads have the greatest
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positive influence on perceived relevance, thus perceived relevance can be used
as a variable to evaluate the extent of the effect of perceived personalization ads.
Besides, attitudes toward ads can predict a moderate online impulse buying
tendency. This relationship is also weakened by purchasing frequency as a
moderating variable. If the purchasing frequency is done more frequently, the
online impulse buying tendency will get weaker.

5. CONCLUSION

One of the objectives of this study is to provide managerial implications for the
Indonesian e-commerce managerial team who use the personalized ads
advertising strategy. The managerial implications that can be applied by
Indonesian e-commerce can focus their marketing efforts on groups of women
with demographic profiles as mentioned above. The above profile also shows that
women in the 21-26 age group have their purchasing power without depending on
other people to shop on e-commerce.

This research can also suggest that management continues to use
personalized ads advertising strategies to increase sales. The use of social media
for Facebook and Instagram has also been a good choice for management
because this study found the use of both social media for personalized advertising
has been effective in changing consumer behavior to make impulsive purchases.
The moderating variable that this study found also shows that advertising
personalization is more effective for groups of social media users who spend less
frequently on e-commerce, this finding can be an input for management to focus
more personalized advertising marketing efforts on consumer groups. social media
users who rarely shop online.

However, managers must also pay attention to how ad personalization can
create bad emotions among social media users, especially related to privacy
issues that make social media users feel that their data is being taken by social
media platforms and advertisers. Another negative emotion that arises from the
use of personalized advertising is the creepy feeling that is felt by social media
users. Social media users feel being watched, followed, and tracked by corporate
advertisers which can result in a sense of annoyance.
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